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Radio signal recognition based on image deep learning
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Abstract: A technical idea was innovatively proposed that uses image deep learning to solve the problem of radio signal
recognition. First, the radio signal was transformed into a two-dimensional picture, and the radio signal recognition prob-
lem was transformed into the object detection problem in the field of image recognition. Then, the advanced achieve-
ments about image recognition were used to improve the intelligence and ability of radio signal recognition in complex
electromagnetic environment. Based on the proposed idea, a novel radio signal recognition algorithm named
RadiolmageDet was proposed. The experimental results show that the algorithm can effectively identify the waveform
types and time/frequency coordinates of radio signals. After training and testing on the self-collected data set with 12 types
and 4 740 samples, the accuracy reaches 86.04% and the mAP value reaches 77.72, while the detection time is only 33 ms
on the medium configured desktop computer.
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